Knowledge Discovery in Databases for Provenance

Research on Colonial Heritage Objects

o Pressing Matter responds to growing concerns in the Netherlands and Europe
about how to deal with the legacies of colonialism in museums.

PRESSING | premises need further provenance information.

o Itis a complex challenge when hundreds of thousands of objects in museum
% MATTER

o Itis counter-productive for museum professionals to study each object
individually; therefore emerges the need of development of new methodology
or technique to scale-up object provenance research.

To what extent does knowledge graphs constructed from heritage objects’ metadata and
further enriched with collectors’ biographies information have the potential to scale-up
objects’ provenance research for museum experts?
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